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Zrédkto:
https://paperswithcode.com/method/linear-regression



https://www.americanscientist.org/article/first-links-in-the-markov-chain

Test Turinga (1950)

Prowadzimy rozmowe z
cztowiekiem i maszyna

prébujac zgadnad, ktory z
rozmowcow jest maszyna.
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https://en.wikipedia.org/wiki/Turing_test#/media/File:Turing_test_diagram.png

Ewolucja Al

Good
old-fashioned Al

Symboliczne Al

Glass box

Wyspecjalizowanie
modele

1960

Machine Learning

Deep Learning
Black box
Multimodal Al

Artificial General
Intelligence

2020



Chatboty

1995 AIML

EEEEEEEE L IIIIIIT 7222222 ARR <category>
£ L 1 Z o8 <pattern>JAK MASZ NA IMIE</pattern>
— EEEEE i { 3 Aiszas] <template>MAM NA IMIE <bot : />.</template>

</category>

= L I 2 A
EEEEEEEE LLLLLLLL TIIITIII 222727 A A <category>

ELIZR > (PLEASE TYPE IN ALL CAPS) WHAT'S YOUR NAME DEAR ? <pattern>JAK SIE NAZYWASZ</pattern>
BUTZ8 > HT, T'W ELTZA. WHAT DO YoU HANT 10 TALK ABOUT ? <teaplate>
BHIT > CAN T TALK ABOUT MY PROBLEM 7 <srai>JAK MASZ NA IMIE</srai>
ELTZA > SURI
T 0L 10 6N GOTNG EXAMS TN COLLEGE. T HAVE A LOT OF STRESS. template>
FLTZA > PLEASE RELAX A LITTLE. SUEEP WELL. /category>
BHIT > THANKS FOR VOUR ADVICE.
ELLZ0 > NO HENTION.

[LIZH > BV[ AND KEEP IN TOUCH...



https://medium.com/nlp-chatbot-survey/computational-lingustics-754c16fc7355
https://pl.wikipedia.org/wiki/AIML
https://en.wikipedia.org/wiki/Cleverbot

Question Answering

1961
BASEBALL

[How meny gal x's] did

E:‘nc Y':mlr.ecs] play (in [July] )2

2008-2011
Wolfram Alpha
IBM Watson

When the question has been bracketed, any un-
bracketed preposition is attached to the first
noun vhrase in the sentence, and prepositional
brackets added. For example, "Who did the Red
3o0x lose to on July 57" becomes "(To [who] ) did
[ the Red Sox] lose (on [July 57 )"

IBM Watson
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https://writings.stephenwolfram.com/2011/01/jeopardy-ibm-and-wolframalpha/
https://dl.acm.org/doi/pdf/10.1145/1460690.1460714

Breakthrough on AGI :
(Artificial Imagination?) .

Zimy sztucznej inteligencji

The Causality Trap
2020s
Understanding why? Incremental progress

1966
“Summer
vision
project”
Deep Learning
Expert Systems 2010s
1980s Specialist pattern
. Expert systems appear recognition through
Information Theory capable of human-like neural networks
19508 decision-making
Third AI Winter
2020s
TRANSFORMAf
i

Turing Test, theory and
prototyping
Second AI Winter
Mid 80s-Mid 90s

Turing Paper
‘Can machines think?”
1950
First AI Winter
1970s
1987-1992
Japonia i
1971-7
AR USA: spadek
fiasko inwestycji
projektow rzadowych w
Al



https://transformainsights.com/ai-machine-learning

“(Jack) Schwartz believed that DARPA was
using a swimming model—setting a goal,
and paddling toward it regardless of currents
or storms. DARPA should instead be using a
surfer model— waiting for the big wave,
which would allow its relatively modest
funds to surf gracefully and successfully
toward that same goal.”

— Machines'Who Think, Pamela McCorduck \
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Internet Sprzet Oprogramowanie >,
Ogromne Prawo Moore'a e Python (1991) e
wolumeny - wyktadniczy e CUDA (2007) ‘
danych wzrost mocy e Keras,

Przyspieszenie obliczeniowej Tensorflow
obiegu wiedzy Karty graficzne (2015)
Cloud — PyTorch (2016)

computing


https://www.nvidia.com/pl-pl/geforce/news/geforce-rtx-founders-graphics-card-breakdown/

Ewolucja architektury
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https://github.com/Mooler0410/LLMsPracticalGuide/blob/main/imgs/tree.png
https://arxiv.org/abs/1706.03762

Zwiekszenie rozmiaru modeli -

15,000x increase in 5 years
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Transformers BERT GPT-2 GPT-28B T5 Turing-NLG
65M 340M 1.5B 8.3B 11B 17B

MID 2018 2019 MID LATE 2020 MID LATE
2017 2019 2019 2020 2021

Time

Mozna w miare precyzyjnie
prognozowac przyrosty

Jakosci modelu

W coraz wiekszych modelach %
wystepuje efekt
ulepszen-niespodzianek
Parametry, dane, czas

treningu


https://neptune.ai/blog/nlp-models-infrastructure-cost-optimization

Scaling Laws for Neural Langu'd.’g"’.e}'.MQde.lfs_'} _:?

Scaling Laws for Neural Language Models

Jared Kaplan * Sam McCandlish*
Johns Hopkins University, OpenAl Ope

jaredk@jhu.edu sam@openai.com

Tom Henighan Tom B. Brown Benjamin Chess Rewon Child
OpenAl Opel OpenAl OpenAl - L=(D/5.4-10%3)70:0% | 5. = L=(N/B.8: 1080072

henighan@openai.com tom@openai.com bchess@openai.com rewonQopenai.com
Scott Gray Alec Radford Jeffrey Wu Dario Amodei

OpenAl OpenAl OpenAl OpenAl

scott@openai.com alec@openai.com jeffwuopenai.com damodei@openai.com

Test Loss

L = (Cminf2.3 - 108)—-0:050

Abstract 710 : 0 0 108 107

Compute Dataset Size Parameters

‘We study empirical scaling laws for language model performance on the cross-entropy los toh
tokens

a power-law with model dataset size, and the amount of compute
used for training, with some trends spanning more than seven orders of magnitude. Other
i ils such as network width or depth have minimal effects within a wide
range. Simple equations govern the dependence of o ing ataset size and the
dependence of training speed on model size. These relationships allow us to determine the
optimal allocation of a fixed compute budget. g gnificantly more sample-
such that optimally S v arge models

elatively modest amount of data and stopping significantly before convergen


https://arxiv.org/abs/2001.08361

llama.cpp

LLaMAG:

Inference of aMA model in pure C/C++

MIT

Hot topics:

« Quantization formats g4 and qs have changed again (19 May) - (info)
« Quantization formats Q4 and Q5 have changed - requantize any old models (info)

Najpopularniejsze techniki:
Destylowanie wiedzy z

wiekszych modeli ¢
Kwantyzacja wiekszych £
modeli


https://crfm.stanford.edu/2023/03/13/alpaca.html
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Dziekuje za uwage! |

Wykorzystano szablon prezentacji z:

ol slidesgo


http://bit.ly/2PfT4lq




